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It is acknowledged that conducting open research requires additional time and effort compared
to conducting ‘closed’ research. However, this additional work is often discussed only in abstract
terms, a discourse which ignores the practicalities of how researchers are expected to find
the time to engage with these practices in the context of their broader role as multifaceted
academics. In the context of a sector that is blighted by stress, burnout, untenable workloads,
and hyper-competitive pressures to produce, there is a clear danger that additional expectations
to engage in open practices add to the workload burden and increase pressure on academics
even further. In this article, the theories of academic capitalism and workload creep are used to
explore how workload models currently exploit researchers by mismeasuring academic labour.
The specific increase in workload resulting from open practices and associated administration
is then outlined, including via the cumulative effects of administrative burden. It is argued that
there is a high chance that without intervention, increased expectations to engage in open
research practices may lead to unacceptable increases in demands on academics. Finally, the
individual and systematic responsibilities to mitigate this are discussed.
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It is widely accepted that conducting open re-
search can improve the endeavour of collab-

orative human knowledge generation. Here,
“open research”1 refers to a variety of prac-
tices that make the plans, procedures, labour,
and outputs of research publicly available, al-
though the phrase covers broader meanings
elsewhere (Fecher & Friesike, 2014). Any one
individual open practice such as preregistra-
tion or data sharing may have a variety of axio-
logical benefits (Uygun Tunç et al., 2022), but
taken together, transparency of the research
process improves the epistemic reliability of a
piece of research, which facilitates incremental
knowledge generation. It also supports an en-
vironment by which epistemically unreliable re-
search (whether through errors or bias) can be
discounted or ignored (Lakens & Evers, 2014).
Compared to ‘closed’ research, where the

only publicly available element of research is
a final journal report, open research involves

1The term ‘open research’ has been chosen here instead
of ‘open science’ given that many of the practices men-
tioned are used in disciplines and research paradigms that
would not define themselves as sciences (e.g. qualitative
research).

transparently cataloguing as much of the re-
search process as possible. It has been ar-
gued that transparent workflows can reduce
inefficiency and save time once implemented
(Lowndes et al., 2017). However, in practice,
conducting open research involves additional
time and effort compared to closed research,
not only in the process of sharing materials to
disciplinary standards, but also in the develop-
ment of new skills and knowledge to enable
this. Generally, the additional work required
to conduct open research has been acknowl-
edged (and justified) by proponents of open
research reforms (e.g. Allen & Mehler, 2019;
Robson et al., 2021; Scheliga & Friesike, 2014;
A. J. Stewart et al., 2021).
However, the current discourse promoting

open research fails to engage sufficiently with
how additional workload impacts the practical-
ities of academic labour (Callard, 2022). The
majority of literature discussing open research
reforms is in the field of ‘meta-research’ and
has typically viewed closed research as a sys-
tematic or cultural problem: characterizing re-
searchers as fallible human agents working
in systems and contexts that encourage bias
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and closed practices. Examples include discus-
sion of issues such as the incentives for con-
ducting open practices (Nosek et al., 2012), bi-
ases in publication workflows (Chambers & Tza-
vella, 2022), recognition and reward of open
research practices (Munafò, 2019) and com-
pliance with open research mandates (Gabel-
ica et al., 2022). Whilst these are important
issues, the common perspective is that re-
searchers exist solely to conduct research and
are primarily judged and motivated by suc-
cess in this domain. This neglects the fact
that the majority of researchers are employed
not solely as researchers but rather as aca-
demics, a role that involves a large number
of other activities that compete for time and
resources, including teaching, administration,
income generation, knowledge exchange, and
supervision. Even for academics who are pri-
marily researchers, transparency may not be
a priority concern given other important and
competing demands such as increasing re-
search regulation (P. M. Stewart et al., 2008),
novel ethical issues (Havard et al., 2012), or
grappling with fundamental issues in theory
development (Eronen & Bringmann, 2021) and
methodology (Uher, 2023). By solely focus-
ing on “open research” as a separable pursuit,
meta-research neglects to acknowledge that
the additional workload required by open re-
search cannot always be practically accommo-
dated in the day-to-day duties of academics
and the time and resources they have avail-
able.
This is a critical issue, given the increasing

systematic degradation of working standards
across academia: There is ample evidence that
many academics are already at “capacity” in
terms of the amount of work they do (Long et
al., 2020), and yet workloads are still increasing.
This has led to endemic levels of stress and
burnout in the sector (Urbina-Garcia, 2020),
mental health crises (Nicholls et al., 2022), re-
course to industrial action to protest against
overwork (University & College Union, 2022),
and a recognition that the sector is haemor-
rhaging talent to industry where working con-
ditions are seen to be more favourable (Gewin,
2022; Seidl et al., 2016). It is therefore crucial
to explore the blind spot in meta-research of
how the additional workload of open research
may potentially negatively impact on working
conditions of academics.

The oversight can be addressed by utilising
research from the field of higher education
studies, including the theory of academic capi-
talism (Jessop, 2018). This theory suggests the
scholarly ecosystem can be viewed as a type of
market, where institutions are capitalist actors
in competition with one another. From this per-
spective, the way that universities (as the pri-
mary employers of most academics) are organ-
ised, and subsequently their priorities, policies,
and relationship with (and potentially exploita-
tion of) academic labour can be examined. The
lens of academic capitalism can therefore offer
new insights on the way that open research
reforms may be practically prevailed upon aca-
demics (Hostler, 2022), in order to anticipate
problems and provide solutions.
The rest of the paper is structured as follows:

first, I explain the theoretical framework of
academic capitalism, including how academic
labour is typically controlled by universities us-
ing a “workload model” and exploited via “work-
load creep”. Second, I explain how various
open research practices add to the time bur-
den and workload of conducting research, in-
cluding via the cumulative and unnecessary
effect of administrative burden. Third, I will ex-
plore how additional open research activities
may not be sufficiently accounted for in a work-
load model, leading to detrimental effects on
academics’ well-being. Finally, I will conclude
with a discussion of potential solutions and the
responsibilities of both individuals and institu-
tions to address these issues.

Theoretical Background

Academic Capitalism

The theory of academic capitalism comes from
higher education research and refers to the
tendency for universities to operate in compe-
tition with each other in markets, competing
over both economic and social capital. This
tendency is manifested in their priorities, activ-
ities, internal organisation, and management.
Whilst there are various specific forms of aca-
demic capitalism (Jessop, 2018), as an over-
arching theory it provides a framework which
enables universities to be considered as strate-
gic actors, rather than passive organizational
units (Münch, 2014).
Through this lens, universities (like all capi-

talist actors) seek to maximise the utilization of
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their resources to remain competitive against
one another in a variety of zero-sum ‘markets’
including student recruitment, research fund-
ing, national research evaluation exercises,
and national and global university rankings
(Collini, 2012). Primary among a university’s
resources is its academic labour, which it at-
tempts to “steer” towards its own goals through
its internal management policies (Rees, 2015),
and find innovative ways of organizing to im-
prove its (economic) efficiency, for example
through the use of fixed-term or part-time con-
tracts (Macfarlane, 2011).
The strategic deployment of academic

labour is not necessarily exploitative, and man-
agerialist organization in universities is increas-
ingly tolerated and accepted by academics
(Kolsaker, 2008). However, increased over-
sight and capitalist logic is also seen to enable
normalizing exploitative practices when finan-
cial considerations are prioritized over tradi-
tional academic professional values (Vican et
al., 2020). This is epitomized by the finding
that the majority of casualized academic staff
are required to work more hours than which
they are paid for in order to complete the work
required in their contract (i.e., marking essays
to a suitable academic standard; University &
College Union, 2019).
Universities are not purely capitalists and

have many competing interests, and the
drivers of these interests are dynamic and set
by the broader economic and political condi-
tions from which they are created. Often, a
university’s specific goals are congruous with
themetrics and conditions tied to these drivers,
for example the criteria used to judge research
excellence in national research evaluation exer-
cises. Changes to these metrics subsequently
influence the university’s strategic plans, lead-
ing to the re-allocation of resources and new
instructions to academics. The work by open
research advocates to change these drivers to
reward openness - such as funder mandates
for open data (Hefce et al., 2016), or changes
to university ranking criteria (Pagliaro, 2021) -
are therefore some of the most powerful tools
for system-wide adoption of open research
practices.
However, efforts to change a university’s

strategic priorities to support open research
do nothing to alter the underlying capitalist
framework, and so do not tackle the issues of

working conditions raised in this article. Aca-
demic labour can also potentially be exploited
to serve the interests of open research: the
competitive pressures of “publish or perish”
can easily become “publish open research or
perish”. Indeed, any changes to working prac-
tices or expectations can provide perfect cover
(intentionally or not) for increased exploitation
(Hostler, 2022). To understand how the pro-
motion of open research can lead to negative
changes in working conditions, a closer look at
how academic labour is currently organized is
required.

The Workload Model

An academic’s job typically consists of a large
number of activities in addition to research. A
comprehensive analysis of an academic’s typ-
ical work over a three-month period is pro-
vided by Miller (2019), covering five main ar-
eas of teaching, research, administration, com-
munity service, and ‘other’. Whilst academics
have responsibility for organising when they
perform each of these duties, universities are
increasingly using managerial practices to as-
sign the range and volume of the tasks them-
selves (Kenny & Fluck, 2022), in the form of a
“workload model”: a system for “projectifying”
time into limited, measurable slots that can
be allocated to different activities (Dollinger,
2020). Workload models are typically based
on an annual measure of time that is allocated
across different activities, forming a “split” of
work across a year. For example, 40% of time
dedicated to research, 40% to teaching and
20% to administration. Certain components of
workloadmodels are due to regulatory require-
ments (Kernohan, 2019), but they are also a
useful tool for a capitalist university seeking to
understand and maximise the efficiency of the
deployment of its human resources. The use of
such models is divisive. Some academics view
them as a threat to their autonomy (Boncori
et al., 2020), and whilst they may for some rep-
resent a level of protection against being given
too many tasks, many others view them as a
mechanism for universities to demand unreal-
istic levels of work from academics by underes-
timating the time taken for different activities
(Papadopoulos, 2017). There is also a general
acknowledgement that workload models are
not comprehensive and that a significant pro-
portion of the actual work that academics do is
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unaccounted for (Kenny & Fluck, 2019; Miller,
2019).
Whilst the time spent on different activities is

allocated via workload models, academic per-
formance is typically assessed via departmen-
tal or individual targets for outcomes or out-
puts of academic work. These outcomes are of-
ten cascaded from university-level metrics, for
example, the number of papers published and
in which journals, and the amount of research
funding accrued. For researchers employed
on temporary contracts, these are targets that
are required to secure the next job and “sur-
vive” in academia (Anderson et al., 2007). The
discrepancy between the time available towork
on different academic activities and the expec-
tations of performance is a key driver of stress
and discontent. Many academics already feel
that their workloads are at “untenable” levels
and that additional time is needed to meet
expectations, leading to burnout (Beatson et
al., 2021). Within this context, expectations
to perform additional duties to conduct open
research, whether from formal mandates by
funders or universities, or informal social ex-
pectations to remain competitive, have the po-
tential to make things worse if insufficiently
accounted for (made ‘invisible’) in a workload
model. Unfortunately, historical trends sug-
gest that open research practices will not be
accounted for in workloads, as I explain below.

Workload Creep

One likely way in which open research may be
insufficiently accounted for is via its inclusion in
“workload creep”. This phenomenon exploits
the fact that workload models do not provide a
granular breakdown of activities, meaning that
expectations around what should be achieved
in a given time can be subtly changed without a
corresponding change in the amount of hours
dedicated to a task (Long et al., 2020). This is
particularly common in the case of research,
where changes to research expectations (in
terms of quantity or quality of outputs) may be
raised without extra time or resources made
available. In the case of open research, there
is a high potential for expectations to engage
in open research to become widespread, but
without additional time on academics’ work-
loads dedicated to the activity. These expec-
tations may originate either from employer’s

performance standards, for example requiring
evidence of open research in hiring and pro-
motion criteria (Gärtner et al., 2022; Robson
et al., 2021), or from mandates for openness
from funders, journals, or legislation (Nosek,
2019).
The broader discourse around academic

workload acknowledges the reality of workload
creep. Advice to early career academics is to
simply learn how to “say no” to requests to per-
form additional work (Somerville, 2021), or to
ask a manager “what would you like me to stop
doing?” (Williams, 2022). However, it is difficult
to apply either of these approaches to changes
to research expectations. It is unlikely that
open research practices will be explicitly re-
quested by an individual such as a manager to
whom one can say “no”: academics will either
be encouraged or mandated to adopt them
by anonymous university or journal policies,
which are difficult to contest, or they will do
so out of their own volition to remain competi-
tively employable. This then hampers bargain-
ing power in discussions with managers about
workloads, making it difficult to secure changes
in workload models to accommodate the addi-
tional time required.
The issue of workload creep can already be

seen in the open research practice of ‘open
access’, where funded research outputs are
mandated to be made publicly available, re-
quiring additional work by academics to un-
derstand and comply with these requirements
(Research Consulting, 2014). However, this ad-
ditional work is not reflected in workloads in
terms of an increase in the number of hours
per year given for research (which in ‘full capac-
ity’ workloads would require other tasks to be
removed), or in changes to performance expec-
tations of an explicit decrease in the number
of publications expected per year. Comply-
ing with an open access requirement may only
take about 30 minutes (Reimer, 2014), but con-
ducting other open research practices (such
as sharing materials, data, code, or preregis-
trations) would confer a much more significant
time burden if expected or mandated in the
same way. In the next section I provide several
examples of how open research practices may
lead to a significant increased time burden.

Additional Workload of Open Research

There are numerous open research practices,
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the benefits of which are discussed in detail
elsewhere (e.g. Munafò et al., 2017; Nosek et
al., 2018) and not all need be applied to every
piece of research. However, adopting any new
practice typically involves making changes to a
researchers’ existing practices, bringing addi-
tional workload. This includes time spent learn-
ing and applying ‘open’ practices, the cumula-
tive workload of novel administrative work, and
the indirect labour of teaching and mentoring
open research. These are explained in turn
below:

Workload of Specific Open Practices

Preregistration

Preregistration involves providing a detailed
explanation of a researcher’s planned data col-
lection procedure, hypotheses, and analysis
plan, so that researcher degrees of freedom in
analysis decisions can be observed. However,
in order for a preregistration to achieve this
functionality, it must be “precise”, “specific” and
“exhaustive” (Bakker et al., 2020). This involves
communicating plans in a substantially greater
level of detail than required in traditional re-
search administration (e.g. for the purposes of
ethical review, grant applications), as multiple
alternative analysis strategies need to be con-
sidered and explained (including what will not
be done) depending on different data collec-
tion outcomes including outliers, missing data,
and violation of statistical assumptions (Bakker
et al., 2020). The checklist by Wicherts et al.
(2016) presents 34 different degrees of free-
dom that researchers should define in advance
in a preregistration to prevent p-hacking. For
the majority of researchers, following such a
checklist represents an increase in the explicit
planning needed for a research project, where
many of their decisions will be based on im-
plicit assumptions. It takes additional time to
explicitly articulate these plans and decisions,
especially in a form that is understandable to
people unfamiliar with the project. The sug-
gestion that a preregistration should typically
take only “30–60 minutes” (Aguinis et al., 2020)
is likely to be an inaccurate generalization, de-
pending on the type and complexity of the re-
search and the experience of the researcher,
although the time taken should decrease with
practice (Nosek et al., 2019).

Data Sharing

Data sharing is an open research practice that
takes significantly more effort compared to a
traditional closed approach; insofar as a closed
approach takes no effort at all, involving simply
ignoring or rebuffing sharing requests (Gabel-
ica et al., 2022). In contrast, done properly and
in line with the principles of Findable, Accessi-
ble, Interoperable, Reusable (FAIR; Wilkinson
et al., 2016), data sharing takes a considerable
amount of time. First, data must be properly
anonymized in order to be shared ethically, a
process that is particularly difficult for qualita-
tive data such as interviews (Saunders et al.,
2015), legal documents (Csányi et al., 2021),
and unstructured, high-dimensional data such
audio and video recordings (Weitzenboeck et
al., 2022). Second, data should be findable,
which means taking time to access and use
an appropriate data repository, make sure set-
tings are correct to comply with ethical restric-
tions, and that sufficient meta-data is provided.
Finally, to be accessible, interoperable, and
reusable, data must be organized and labelled
to community standards and formatted and
described in such a way as to be understand-
able to others who are not familiar with how it
was collected or processed. These tasks may
represent time-consuming departures from
how a researcher typically organises data for
their own use.

Analysis Code

Open code refers to sharing the analysis code
used to produce the output found in the fi-
nal report from the research data. This is
an open practice that may be unfamiliar to
some researchers, especially those who use
graphical user interface (GUI) programs such
as SPSS where viewing and understanding the
underlying code is not necessary to analyse
data. Compiling and sharing analysis code may
therefore require training and the acquisition
of new skills to be able to do this adequately,
if a researcher is not experienced in doing this.
Some researchers argue that using proprietary
programs such as SPSS is not ideal for open
research, since it takes more effort for those
without access to these programs to utilize and
interpret the code (Obels et al., 2020). Thismay
encourage researchers to utilise open source
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alternative programs, such as JASP or R, where
sharing code is significantly easier, although
this in itself involves the development of new
software skills and workflows. As with data, the
shared code also needs to be written or an-
notated in such a way to ensure usability for
other researchers (Obels et al., 2020), which
takes extra time compared to writing code for
one’s own use, which may use idiosyncratic
shorthand.

Openness Agreements & Administration

In complex projects, additional administration
is often required to facilitate the use of open
research practices. This is particularly true
in research with a large number of collabora-
tors. Here, legal documents may be required
to certify sharing agreements for data, materi-
als, or outputs, particularly in cases where dif-
ferent elements of a project have different lev-
els of openness across different time frames.
For example, in cases where separable ele-
ments of a piece of software may be “owned”
by different parties in a collaboration (Levin
& Leonelli, 2017) or where industry collabora-
tion requires delaying the timing of release of
results or materials to maintain a competitive
edge (Fernández Pinto, 2020). With the increas-
ing size of research teams and complexity of
projects, such agreements become lengthier
and take additional time to complete and get
approval from all parties. Additional adminis-
tration (compared to closed research)may also
come in the form of recording contributions to
research projects (e.g. CREDIT taxonomy; Hol-
combe, 2019) or providing meta-data about
open research practices in the form of trans-
parency statements or checklists (Aczel et al.,
2020). Administration has a particularly close
relationship with workload creep, and below I
explain how the theory of administrative bur-
den can further illuminate how the process of
integrating minor administrative tasks into ex-
isting workflows can exacerbate the time bur-
den of open research.

Administrative Burden

Whilst preparing a large set of audio-visual data
to FAIR sharing standards may be a significant
technical undertaking, many open research

practices may be viewed as essentially admin-
istrative tasks involving documenting informa-
tion about a piece of research. This includes
writing preregistrations, data sharing docu-
mentation, and statements about the open-
ness (or not) of open practices for different
elements of a project. The theory of “adminis-
trative burden” (Bozeman, 1993) can be used
to explore how in many cases the additional
time spent completing these tasks is unnec-
essary and unnoticed in workload estimates.
Administrative burden theory acknowledges
that all administration represents a time bur-
den, but that in many cases it represents un-
necessary “red tape” when it does not help to
fulfil a regulation’s functional objectives. An
example of unnecessary research administra-
tion might be an ethics form that asks a re-
searcher whether they are using radioactive
materials, despite the fact that due to their dis-
cipline (e.g. psychology), the answer should
be obvious (Bozeman & Youtie, 2020). In the
case of open research, red tape may involve re-
quirements to write transparency statements
or complete checklists about the availability of
data or materials where none exist (e.g. re-
view papers), or explain the (non)existence of
preregistrations for research in which this prac-
tice is not required or its use contested (e.g.
exploratory or qualitative research).
Red tape can also be seen in the case of “rule

redundancy” (Bozeman & Jung, 2017) result-
ing from bureaucratic overlap, where admin-
istration such as explanations of data sharing
arrangements is duplicated across platforms
(e.g. for funding applications, ethics applica-
tions, and journal requirements), but oftenwith
different specifications. Another example of
rule redundancy is with preregistrations, doc-
uments which may closely mirror elements of
existing research administration, such as re-
search protocols required for ethical review.
Whilst the existence of a protocol may make
completing a separate preregistration easier
(or vice-versa), functionally the duplication of
the informationmay be unnecessary if one doc-
ument could potentially serve both purposes,
yet generates extra workload when the differ-
ent formats of each document requires time
to adapt the content to move information be-
tween the two.
Administrative burden is often exacerbated

when technology is used to remotely facilitate
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administration and therefore lacks the nuance
to accurately capture the reality of a particular
context. Dialogue with the technology provider
is then required to resolve discrepancies, in-
conspicuously increasing time burden. For ex-
ample, platforms or infrastructure to facilitate
open practices such as preregistration or shar-
ing data or materials may be unclearly worded
or not fit for purpose for particular kinds of
research or data (e.g. Borgerud & Borglund,
2020; Rhys Evans et al., 2021). This is particu-
larly the case in disciplines such as the human-
ities, where what constitutes “data” or even
“research outputs” may be unusual (including
physical objects). The widespread adoption of
the ethical norms and terminology from posi-
tivist biomedical research in the ethical review
process is inappropriate for much social sci-
ence research and a historical example of cre-
ating extra administrative burden for certain
groups of scholars (Schneider, 2015). This fore-
shadows the potential for open research prac-
tices such as preregistration, developed from a
similarly narrow statistical perspective (Nosek
et al., 2018), to also be misapplied to other
areas of research if administered remotely.
Increased administrative burden also occurs
when existing technology and systems in the
research ecosystem fail to keep pace with de-
velopments and trends in research resulting
from greater openness. This issue can already
be seen in archaic manuscript submission sys-
tems which do not accommodate the hun-
dreds of authors found on “big team science”
projects enabled by the use of open research
practices, requiring significant additional time
spent doing administration (Forscher et al.,
2022). The scope for the multitude of open re-
search requirements and applications to novel
forms of research to outpace existing technol-
ogy means that such examples are likely to
become more common.
The growth of administrative burden has two

facets that make it difficult to combat. The first
is that administration can often be convincingly
defended on the basis that it collects data that
has potential utility or that it is necessary to
assure compliance with regulations or man-
dates. However, whether all the data collected
from research administration is strictly neces-
sary or ever actually used is contested (O’Leary
et al., 2013), and as many open research prac-
tices and associated administration are not

yet widely adopted there is a lack of evidence
on the actual benefits (e.g., of transparency
statements) to consider against potential or
actual time costs. There are strong arguments
that existing research administration is already
excessive and prohibitive, particularly for cer-
tain types of research such as clinical trials
(D. J. Stewart et al., 2015). Some estimates put
the amount of time allocated to research that
is spent on administration at 42% (Rockwell,
2009) and there is evidence that researchers
already employ “workarounds” or exhibit non-
compliance to reduce this burden (Bozeman
et al., 2021). More fundamentally, it has been
argued that research administration is an in-
effective way to ensure compliance with reg-
ulations (Schneider, 2015), as it can easily be
falsified (e.g., claiming data is available when it
is not; Gabelica et al., 2022).
The second issue is that administrative bur-

den is a cumulative problem. The time cost
of any one individual instance of administra-
tion can easily be dismissed as trivial: it might
take only ten minutes to complete a trans-
parency checklist. In the context of a work-
load model measuring time annually, this rep-
resents <.01% of a researcher’s time. How-
ever, cumulatively, such administration adds
up. In addition to a checklist about method-
ological transparency (Aczel et al., 2020), a re-
searcher may also be compelled to complete
an ethics transparency checklist (Henry et al.,
2018), a financial conflict of interest checklist
(Rochon et al., 2010), a patient and public in-
volvement checklist (Staniszewska et al., 2017),
and/or a clinical practice guidelines checklist
(Cruz Rivera et al., 2020). When considered
in the wider context of an all-round academic
job, potential sources of administration multi-
ply even further. Administration is increasing
in universities across all elements of an aca-
demic role (Hogan, 2011), all of which compete
for importance and time. Minor administrative
tasks are constantly introduced to collect data
relating to pedagogy, supervision, equality and
diversity, technology enhanced learning, finan-
cial auditing, health and safety, data protection
compliance, employment law, and so on. The
cumulative impact of ‘trivial’ pieces of adminis-
tration has been described as “death by a thou-
sand 10-minute tasks” (Bozeman et al., 2021).
However, it is only the academic themself that
sees the impact of this burden as it is they who
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need to devote time to completing all of these
tasks. The full picture of administrative burden
is therefore difficult to detect as it is only visi-
ble when considered holistically, a perspective
that meta-research and other siloed analyses
of individual aspects of academic work often
overlook.

Fostering Open Research: Teaching and
Supervision

A final way in which open research invisibly
adds to workload is through the expectation
that academics not only engage in open re-
search themselves but teach andmentor open
research practices to junior colleagues, and
graduate and undergraduate students. This
can be through direct reforms to teaching ma-
terials and curriculums, but also through super-
vision and informal mentoring. Understanding
the why and how-to of open research reforms
is a big task that necessarily requires knowl-
edge of the philosophy, history, and sociology
of science, as well as the practical data sci-
ence and technological skills discussed previ-
ously (Crüwell et al., 2019). Therefore, instruct-
ing graduate and undergraduate students on
such topics may require significant reform of
existing teaching and supervision practices,
which have been described as “largely out-
dated” (Azevedo et al., 2022). The issue of up-
dating existing curricula with new knowledge
is not one that is unique to research methods,
and workloads typically include time to update
and rewrite teaching content (although this
is often already underestimated). Resources
have been developed and shared to reduce
this burden (e.g., lesson plans Pownall et al.,
2021), however, the “revolutionary” changes
that open research reforms represent (Spell-
man, 2015) still make this task considerable
and time consuming. Major changes such as
shifting to teaching reproducible analysis soft-
ware like Rmay require significant investments
in staff training (e.g. Barr et al., 2019), again a
time sink that is rarely captured in workload
models. These issues also apply to the infor-
mal mentoring of colleagues and PhD students,
work that is typically already neglected in work-
load models and falls disproportionately on
structurally disadvantaged staff (Gordon et al.,
2022). Adding in mentoring of open research
skills and knowledge to existing supervision of

how to navigate academia and research meth-
ods again represents additional activities that
are practically time consuming, but that are
not reflected in workload models.

Discussion

The root of the issue of workloadmodels is that
as models, they are by definition “simulations
ofmeasurement” of academicwork rather than
accurate records of real-world labour, but their
use precedes the reality in discussions and
expectations of the work of academics (Pa-
padopoulos, 2017). By erroneously “measur-
ing” the reality of the time it takes to perform
certain activities or ignoring others entirely, ex-
pectations of academicwork are unrealistic, yet
from a managerial perspective, justified. Open
research practices represent a novel type of
academic labour with high potential to be mis-
measured or made invisible by workload mod-
els, raising expectations to even more unreal-
istic levels.
The actual additional workload of open re-

search is highly dependent on the type of
research and the specific practices adopted.
Whilst the time burden of tasks such as data
sharing or teaching open research may be
clear and significant, others such as adminis-
tration, checklists, or preregistration may be
deceptively trivial. However, such trivial tasks
can easily add up and multiply, and are thus
much more likely to ‘creep’ into workloads un-
detected. Taken together, the additional work-
load required for openness could therefore
easily consume any time “saved” by efficiency
gains from open workflows (Lowndes et al.,
2017).
The benefits of open research practices have

been widely discussed (Munafò et al., 2017),
and generally speaking researchers have posi-
tive attitudes towards adopting open research
practices, finding them worthwhile (Eynden et
al., 2016; Lowndes et al., 2017), and recom-
mending their use to others (Sarafoglou et al.,
2022). However, high time cost is repeatedly
identified as one of the main barriers to the
adoption of open practices (Eynden et al., 2016;
Gownaris et al., 2022; Tenopir et al., 2011)
and time is the main thing that researchers
lack, with workloads at capacity across the sec-
tor, having already reached “untenable” lev-
els (Long et al., 2020; Papadopoulos, 2017).
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Historically, institutions have responded to in-
creases in workload and administration by im-
plementing managerial practices such as work-
load models that aim to increase efficiency
by raising expectations of what researchers
should achieve in their existing available time.
This has led to endemic levels of stress and
mental health issues across academia, with
unrealistic expectations and excessive work-
load cited as the primary causes (Nicholls et al.,
2022; Urbina-Garcia, 2020).
Without intervention, there is currently no

reason to expect that the additional workload
required by open research practices will not
follow the same pattern of being integrated
into existing workloads without a sufficient in-
crease in time available, and thus exacerbate
the crisis. The theory of academic capitalism
suggests that the responsibility for addressing
potential discrepancies betweenmodelled and
actual workload will not be taken up voluntarily
by university management, who may at best
ignore such issues, or at worse tacitly approve
of them as a form of capitalist efficiency (Lyons
& Ingersoll, 2010). In other words, if university
management can choose not to incorporate
open research intoworkloadmodels, then they
won’t.
Acknowledging the implications of operat-

ing in a capitalist academic system presents a
dilemma for open research advocates looking
to improve the quality of research without ex-
acerbating existing issues with working condi-
tions. Fairly integrating expectations and incen-
tives to conduct open research into a system
which already exploits academic labour is a dif-
ficult task, and good intentions on a systematic
level can have perverse individual outcomes.
On a systematic level it is certainly a desirable
outcome if open research is rewarded, thus
helping to position responsible researchers
into long-term careers and raising the quality
of research across the board. But on an indi-
vidual level it is not a desirable outcome for
a researcher already working at maximum ca-
pacity and at risk of burnout to be expected
to perform extra tasks in order to be able to
achieve or retain secure employment. Both
of these outcomes can co-occur and uncritical
progress towards the formermay inadvertently
trigger the latter. This duality has implications
for both the responsibility of individuals and

the design of systems in promoting open re-
search, which I explain below.

Implications for Individuals

First, proponents of open research reforms
must acknowledge how the extra work of con-
ducting open research may be practically ac-
commodated in a researcher’s existing work-
load. Although some have attempted to do this
(e.g. Robson et al., 2021), elsewhere the issue
is neglected or downplayed. Suggestions that
concerns about the workload of open research
are an example of a “myth” (Bastiaansen, 2019)
or a “misconception” that can be corrected by
“positive advocacy” (Hagger, 2022) are unhelp-
ful to having honest conversations about the
practical negative consequences of conduct-
ing open research. Claims that open practices
such as sharing resources reduce workload
(Grahe et al., 2020) only reflect the perspec-
tive of those utilising shared resources, and
not those involved in doing the sharing. Effi-
ciency gains from open research which nomi-
nally “save time” (Lowndes et al., 2017) may be
inconsequential if open research also results
in increased expectations of open outputs in
the form of workload creep.
Second, open research advocates should

not promote open research practices uncriti-
cally. Despite the benefits, all open research
practices have an accompanying cost of time,
which is a rare and increasingly depleted re-
source. Even trivial administrative tasks can
have a cumulative impact. Whilst it may not be
possible to accurately predict potential time
costs and benefits in advance of proposing or
promoting a new open research initiative, rig-
orous meta-research should be planned and
conducted to evaluate the actual benefits and
costs of open research practices. For example,
research has investigated the impact of prereg-
istrations on researcher workflow (Sarafoglou
et al., 2022). If a practice is shown to have min-
imal actual benefit (e.g., if transparency state-
ments go largely unread, or preregistrations
fail to prevent researcher bias) then their con-
tinued promotion should be re-evaluated or
discontinued.
Third, open research advocates, particularly

those with influence in universities, should en-
gage more directly with issues of academic
labour (Callard, 2022; Hostler, 2022). When
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promoting open research reforms in universi-
ties or conducting open practices themselves
they should advocate not only for investments
in open research infrastructure and training
but to receive extra time in workload alloca-
tions to acknowledge the additional burden of
open research. Advocates writing about issues
of systems and incentives should familiarize
themselves with literature on academic capi-
talism (Jessop, 2018) and issues of workload
modelling (Papadopoulos, 2017) and acknowl-
edge and address the implications of policy
suggestions on workload. They should listen to
and support workers’ rights groups and trade
unions in academia and take a broader interest
in how changes to research infrastructure and
practice can have negative effects on labour
conditions, and take a more holistic view of re-
searchers as part of an increasingly troubled
and discontented higher education sector.
Implications for Systems

One proposed solution to the issue of the ex-
tra work required for open research is a move
to team-based research, and the use of special-
ists to support academics with open research
requirements (A. J. Stewart et al., 2021). It is
a sensible suggestion and one that is likely
to be amenable to institutions as it dovetails
with many aspects of the ‘post-academic’ re-
organization of research in universities (Ziman,
2000). In several places it has already been
implemented, with an increase in university
research professionals and support services
to help with open research practices (Carter
et al., 2019), which can directly reduce work-
load for academics. However, it is a long-term
solution, and the availability of such specialist
support is not yet consistent across the sector
(S. L. K. Stewart et al., 2022). There is alsomuch
work to be done to fairly embed such roles in
the infrastructure of university research and to
ensure such specialist labour is not exploited it-
self, and is appropriately funded and rewarded
(Bennett et al., 2022).
Where institutions do implement policies

and mandates for current academics to prac-
tice open research, these should be designed
to minimize unnecessary “red tape” in the form
of administration that does not aid the reform’s
functional objectives. This requires a clear un-
derstanding and explanation of what the func-
tional objective of the reform actually is, which

itself requires evaluating the reforms’ axiolog-
ical position and benefits (Uygun Tunç et al.,
2022). For many reforms (e.g., preregistration
or data sharing for certain types or programs of
research), such arguments may be contested
(e.g., Szollosi et al., 2020), making suggestions
that preregistration should be mandatory for
publication (Aguinis et al., 2020) a clear exam-
ple of potential ‘red tape’. Designing systems to
minimize red tape is not an easy task, as both
standardization (which does not accommodate
non-standard research), as well as diversity
(which can result in inconsistent and confus-
ing nomenclature) can be potential sources of
administrative burden. In addition, systems
should aim to minimize rule redundancy, for
example by replacing research protocols with
preregistration documents during ethical re-
view, to avoid unnecessary duplication of sim-
ilar documents for different purposes. Poli-
cies and interventions should also carefully
consider whether administration for the pur-
poses of generating (meta)data about (open)
research activities is justified, which whilst po-
tentially useful for a number of reasons, may
not be worth the cost of the added burden.
If institutions decide to devote funding and

resources to support open research, then
these should where possible be directed to
activities and interventions which practically re-
duce the time-burden of conducting open re-
search. This includes using funding to provide
dedicated workload hours for open research
practices, as well as revaluating research per-
formance targets to acknowledge that conduct-
ing open researchmay take significantly longer.
Any changes to workload or research expecta-
tions should be developed and implemented
in consultation with academic staff, made fully
transparent, and be flexible and under continu-
ous review (Kenny & Fluck, 2022). Training and
guidance for open research should be as tar-
geted as possible (i.e., disciplinary and method-
ologically specific) to reduce the time-burden
on researchers for interpreting and applying
such guidance to their own projects. Grass-
roots open science communities have an im-
portant role in developing and delivering such
training and mentoring in an accessible way
(Armeni et al., 2021), although those involved
in fostering these communities should also be
appropriately workloaded and resourced for
these tasks by their institutions.
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The broader systems within which universi-
ties operate and compete should also be con-
sidered in the promotion of open research.
Universities respond to market drivers; if a fun-
der requires research data to be made open,
then an astute university will invest in infras-
tructure to support researchers to do this to
ensure continued access to the funding. If uni-
versity rankings rewarded open research, a
competitive university would try to ensure its
research outputs performedwell on thesemet-
rics. By this logic, if funders and rankers valued
or mandated fair workloads and working condi-
tions for academics as a condition of eligibility,
universities would be inclined to adapt to re-
main competitive in this new environment.
Finally, it should be remembered that uni-

versities are complex, multifaceted, organiza-
tions and not solely capitalist actors. They have
many competing and sometimes conflicting in-
terests, which can ebb and flow depending on
the current climate and conditions. Neverthe-
less, they are nearly always strategic, and direct
intervention is often required by those advocat-
ing for change to highlight the benefits of one
particular priority (e.g., staff wellbeing) over the
costs of another (time spent on open research).
This has implications for the way in which initia-
tives relating to promoting open research are
designed, described, and advocated for.

Conclusion

The uncritical promotion of expectations to
conduct open research within a framework
of academic capitalism may inadvertently in-
crease workload for researchers at a time
when demands on time are already excessive
and academics are struggling to cope. It is nei-
ther the specific role nor within the capability
of open research advocates to tackle the root
causes of workload issues, but they must be
aware of the potential implications of their calls
for systemic changes in incentives for open re-
search. Understanding how academic labour
is organized and viewing universities through
the lens of academic capitalism can help open
research advocates to promote open research
practices in responsible and sustainable ways.
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