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Abstract
Editormetrics analyses the role of editors of academic journals and their impact on the scientific publication system. Such analyses would best
rely on open, structured, and machine-readable data about editors and editorial boards, which still remains rare. To address this shortcoming, the
project Open Editors collects data about academic journal editors on a large scale and structures them into a single dataset. It does so by scrap-
ing the websites of 7,352 journals from 26 publishers (including predatory ones), thereby structuring publicly available information (names, affilia-
tions, editorial roles, ORCID etc.) about 594,580 researchers. The dataset shows that journals and publishers are immensely heterogeneous in
terms of editorial board sizes, regional diversity, and editorial role labels. All codes and data are made available at Zenodo, while the result is
browsable at a dedicated website (https://openeditors.ooir.org). This dataset carries implications for both practical purposes of research evalua-
tion and for meta-scientific investigations into the landscape of scholarly publications, and allows for critical inquiries regarding the representation
of diversity and inclusivity across academia.
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1. Introduction

Editors of scientific journals play an important role in the
publication system: They legitimize selected research (Card
and DellaVigna 2020), oversee the academic peer review pro-
cedure (Horbach and Halffman 2020), and influence the
careers of scholars by (not) allowing them to publish in their
journals (Zhang et al. 2021b). Editorial decisions may sustain
intellectual and societal biases (Petersen 2017); for instance,
their judgements might be driven by homophily, or personal
affections that favour colleagues they work with, who come
from the same region, or who promote research approaches
similar to one’s own studies (Yoon 2013). But if ‘scientific
rewards are based [merely] on publications’ (Crane 1967),
then any favouritism granted by editors to individual
researchers or specific groups might seem unethical (Laband
and Piette 1994).

It is in this context that researchers have investigated the impact
and consequences of editorial work by analysing the composition
of academic journals’ editorial boards (Mazov and Gureev 2016),
including in terms of gender representation (Feeney, Carson and
Dickinson 2019; Stegmaier, Palmer and van Assendelft 2011;
Topaz and Sen 2016), international diversity (Espin et al. 2017;
Okagbue et al. 2018; Gutiérrez and López-Nieva 2001), eco-
nomic inequalities (Horton 2003; Xu et al. 2019), social networks
of researchers (Brogaard, Engelberg and Parsons 2014;
Erfanmanesh and Morovati 2018; Baccini et al. 2020; Goyanes
and de-Marcos 2020), the reputation of their institutional affilia-
tions (Hodgson and Rothman 1999; Petersen, Hattke and Vogel

2017), and issues of publication ethics (Bornmann and Daniel
2009; Wong and Callaham 2012; Bishop 2020). They have also
turned their eyes on predatory journals that wrongfully list repu-
table scientists as editors so as to heighten the journals’ prestige
(Ruiter-Lopez, Lopez-Leon and Forero 2019).

Research evaluators might also be interested in such ‘editormet-
ric’ studies (Mendonça, Pereira and Ferreira 2018). They may
wish to gain an overview of the representation of scientists across
scholarly outlets. They may want to identify the extent to which
they are (erroneously) named as editors of predatory journals.
They may want to assess the mentoring and community services
that come with editorial workloads. They may want to consider
the different roles, like chief editorships or peer review contribu-
tions, and relate them to Open Science practices: an editor of a
journal that just transited to a ‘Diamond Open Access’-model or
that experiments with ‘Open Peer Review’ could obtain special
recognition. Data about journal editorships can thus add impor-
tant nuances to the scientific system—especially since ‘[t]he choice
by funders and institutions of what to measure for assessment di-
rectly influences research culture and behaviours’ (European
Commission 2021: 4). And instead of rewarding only ‘a certain
type of research outputs’—namely paper publications—research
evaluation could draw from editormetrics to also acknowledge vi-
tal contributions in ‘research as a process’ (European Research
Area and Innovation Committee 2021: 12).

Analysing the ‘gatekeepers of knowledge’ (McGinty 1999),
however, comes with one major problem: the lack of struc-
tured data availability on scholarly journals’ editors and
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editorial boards. While basic information about editors are
available in the online presences of scholarly journals, the
data are not uniformly structured and therefore not machine-
readable—a major issue in the broader movement towards
Open Data and Open Science as it relies on a quick processing
of huge amounts of meta-scientific data (Aryani et al. 2020;
Hendricks et al. 2020). To give an illustrative example, one
publisher may list the editors by mentioning the given name
first and the last name thereafter, followed by a comma and
the editors’ institutional affiliation, as in Jan Melissen,
Leiden University, while another may first list a title
(like Prof. or Dr), then the last name with an abbreviated
given name, followed by the institutional affiliation in paren-
theses rather than after a comma, as in Dr Melissen, J.
(Leiden University). The heterogeneous way of display-
ing information not only pertains to inter-publisher, but in
many cases even to intra-publisher differences. To name but
one example, the publisher Taylor & Francis shows editorial
board details in different formats despite the journals belong-
ing to one and the same publisher (Figure 1). In the case of
Springer Nature, even the URLs linking to the information
about the editors are heterogeneous, which makes automated
data generation rather burdensome (see Table 1).

As a consequence of the non-uniform data structure, every
study that analysed the impact of journal editors and editorial
boards relied on laborious processes of manual data collec-
tion (Topaz and Sen 2016: 4; Petersen 2017: 258; Baccini
et al. 2020: 279). Not only is this a highly time-consuming
and monotonous task (Baccini and Barabesi 2010: 369–70;
Xie, Wu and Li 2019; 1338) that only allows for a small sam-
ple size; but what is more, this approach offers ‘just a snap-
shot in [a] specific moment’ (Mendonça, Pereira and Ferreira
2018: 1518). The data collected, even if prepared properly
and shared openly, get outdated quickly and thus are not ap-
propriate for further re-use in research. Follow-up studies
would need to manually generate the data again, hampering a
reproduction of previous studies on editorial boards.

To mitigate some of those shortcomings, this article presents
an automated data-collection project called Open Editors. It uti-
lizes webscraping to collect and provide a structured dataset of
scholarly journals’ editors and editorial board members. The
data are freely available for any use under a CC0-license so as to
enable large-scale analyses. The data collection will be per-
formed on a regular basis through a scripted programme whose
codes are available in a public repository. In the latest release,
Open Editors scraped the websites of 7,352 journals from 26

publishers (including five predatory publishers), comprising ba-
sic information about 594,580 editorial board positions.

The present effort goes hand in hand with other meta-
scientific initiatives that systematically document key practices
of journals and editorial guidelines. They often do so as grass-
roots projects crowdsourcing related data, such as with
regards to peer review models (cf. Horbach and Halffman
2018), preprint guidelines (Nosek et al. 2015; Klebel et al.
2020), or Open Access policies (Curry 2017; Marchitelli et al.
2017). Open Editors serves as an additional step in this
broader effort to increase the transparency of the structure of
scientific publishing through bottom-up data collections—at
least as long as a centralized, top-down data-collection ap-
proach remains absent (Michaud 2022).

The following section outlines the methodical approach to gen-
erate the dataset in detail, followed by an explanation of how to
access the data. The results section thereafter assesses the repre-
sentativeness of the sample and presents some summary statistics
regarding the overall dataset. It also outlines publisher-level data
about editorial board sizes, highlights the immense pluralism re-
garding editorial role labels, and shows publisher-level statistics
about the geographical distribution of the editors’ affiliations with
a special look at predatory publishers and at the Anglo-American
shares represented in the editorial boards; all in all, the descriptive
data indicate that the journal landscape is highly heterogeneous.
The article then discusses how Open Editors could aid in various
editormetric analyses, including in investigations of diversity and
inclusivity aspects as well as possible use cases for research evalua-
tions and scientometric assessments. That section also points to
various limitations and further desiderata, such as the challenging
task of linking the dataset with persistent identifiers (PIDs), or the
ethical problems that arise with using automated ‘diversity
guesser’ tools. The article finally concludes with a call to push for-
ward the broader Open Science agenda of opening up more and
more data about the scholarly publication process so as to enable
a culture of inclusivity, transparency, and knowledge equity
across the system of science.

2. Methods
2.1 Data sample

This method section outlines the approach taken for the re-
lease of Open Editors in early 2022. As the project intends to
iterate the data collection annually, it is possible that future
releases will add minor adjustments to enhance the approach
and to enlarge the sample. New publishers were indeed

Figure 1. Three journals from the same publisher (Taylor & Francis) displaying information about their editors in three different ways, as of December

2020. Left: Central Asian Survey. Centre: The Cartographic Journal. Right: The Information Society.
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constantly added to the dataset. All changes will be docu-
mented transparently through the version control system on
Zenodo where all codes and data are available under a CC0
license.

As of mid-2022, Open Editors collected data about editors
and editorial board members from journals belonging to 26
major publishers. The major criteria for the choice of publish-
ers was that they provide data about journal editors in a ho-
mogeneous structure, thus allowing machines to read them
without major difficulties.

The first 21 of these publishers were American Psychological
Association (APA), American Society of Chemical Engineers
(ASCE), BioMedCentral, Brill, Cambridge University Press
(CUP), eLife, Elsevier, Emerald, Frontiers, Hindawi,
Inderscience, John Benjamins, Karger, Multidisciplinary Digital
Publishing Institute (MDPI), PeerJ, Pleiades, Public Library of
Science (PLoS), Royal Society of Chemistry (RSC), SAGE, and
Springer Nature. In addition, five publishers known to be preda-
tory were likewise included in the sample, namely Allied
Academies, iMedPub, Longdom, Scientific Research Publishing
(SCIRP), and SciTechnol; all of them but SCIRP are imprints of
the larger predatory publisher OMICS, and both SCIRP and
OMICS are widely known to host ‘fake journals’ (Simón 2016;
Masic 2017).

The goal of this work is not primarily the inferential analy-
sis of the data themselves but the development of a methodical
tool that will allow scientists to gain samples for their research
without the tedious process of manual data collection. The
current subset is only the beginning and offers a convenient
sample of an ultimately unknown population of publishers.
We will nevertheless give a rough estimate of the dataset’s
representativeness by comparing it with the publication data
as documented by OpenAlex, a new database covering meta-
scientific information on a grand scale (Priem, Piwowar and
Orr 2022); and the discussion section will argue that for ex-
ploratory purposes, it is better to collect any available data
based on a convenient sample than to not undertake any col-
lection efforts at all.

2.2 Data collection: webscraping

Two data subsets were collected with regards to the 26 pub-
lishers: the first subset contains each of the publishers’ jour-
nals as well as the URLs to the journals’ editorial board
information. The second subset contains seven variables per-
taining to every editorial board member. The variables are:

• the name (without disentangling titles, given names, mid-
dle names, and surnames),

• the institutional affiliation (if available, the research insti-
tute, often the university, at which the editor is employed),

• the ORCID ID (Open Researcher and Contributor ID), if
available in a uniformly structured format (this only
applies to journals from Hindawi, John Benjamins, PLoS,
and RSC),

• the editorial position (the role the editor occupies at the
journal, such as ‘Editor-in-Chief’, ‘Associate Editor’, or
‘Book Review Editor’),

• the journal name,
• the ISSN (if available on the same webpage as the informa-

tion about editors),
• the publisher,
• the URL (containing a link to the scraped website),
• and the date of scraping (in the format YYYY-MM-DD).

Open Editors mainly utilized the R library rvest (Wickham
2022) to fetch the data from the journal websites. For each
publisher, a different code had to be used to adapt to their re-
spective webpage design and structure. The webscraping pro-
cess took place in early 2022.

2.3 Data presentation and accessibility

After the webscraping process, the data were structured into
machine-readable files based on comma-separated values
(CSV). As a basic quality check, duplicate data that carried
the identical values in the editor-, journal-, and publisher-
fields were eliminated, and incomplete data where both the
editor and the affiliation remained unavailable during the
crawling were removed as well. In addition, HTML tags, or
codes that aim at layouting a given website such as by making
fonts italic through the tag <i> sometimes accidentally
slipped into the dataset; they were likewise deleted. All the
remaining data were merged into a CSV-file and made avail-
able at GitHub and Zenodo under a Creative Commons li-
cense (CC0) so as to enable anyone to download the whole
data dump without any restrictions.

In addition to the CSV-data dump, Open Editors also created
a website that enables access to the data via a form with which
end users can search for names, journals, or institutional affilia-
tions. For that purpose, the collected dataset was put into a
MySQL database. The website is available at https://openedi
tors.ooir.org. As an example, users can type in ‘University
of Salzburg’ into the search bar to find a list of all editors in
the dataset who have ‘University of Salzburg’ in their
names, affiliations, or journal name. The search function also
supports basic Boolean operators such as AND, OR, NOT, brack-
ets, and quotation marks. For instance, the query ‘Salzburg
AND (Biology OR Geoinformatics)’ would look for all
data that contain ‘Salzburg’ and either ‘Biology’ or
‘Geoinformatics’.

Note that a variant of the code at GitHub—added ex post
by Bianca Kramer from the Utrecht University Library—
allows one to loop the affiliation data through the so-called
Research Organization Registry, or ROR (Lammey 2020).
This integration of Open Editors with ROR aids in cleaning
the data, for a single affiliation can be written in numerous
ways. The TU Wien, for instance, could be spelt out as
‘Technische Universität Wien’, or translated to
‘Vienna University of Technology’ or mixed as ‘TU

Table 1. Heterogeneously structured links leading to information about editors at four Springer Nature journals.

Journal URL Comment

British Dental Journal nature.com/bdj/about#editors URL contains a hash (#)
Human Genome Variation nature.com/hgv/about/editor ‘editor’ in singular
Bone Marrow Transplantation nature.com/bmt/editors URL does not contain the ‘about’-tag
Nature Cell Biology nature.com/ncb/about/editors ‘editors’ in plural
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Vienna, Österreich’. Without ROR, searching for all edi-
tors that belong to the TU Wien may necessitate dozens of
search queries taking into account all possible variants of
spelling the university name, with the risk of omitting multiple
unknowns. ROR allows one to homogenize multiple spellings
into a single identifier.

Having outlined the methodical approach, the next section
will present some basic information about the data underlying
Open Editors’ latest round of webscraping.

3. Results
3.1 Representativeness of the current sample

It is estimated that there exist circa 16,780 scientific publish-
ers globally (according to data based on OpenAlex, cf.
Pollock 2022), which is barely possible to be represented in
one dataset. However, the current sample includes, inter alia,
15 of the 44—or almost one-third of the—large-scale publish-
ers that have more than 100 journals. While this group repre-
sents only 0.26% of all academic publishers, they were
responsible for almost two-thirds (65%) of the total scientific
output in 2021 (Pollock 2022). In an admittedly rough esti-
mation, the editors covered by Open Editors can be said to
have been involved in at least one-third of that share, i.e. in
circa 21.67% of the scholarly publication output (for the sake
of cautiousness and simplicity, we leave out the 11 additional
small- to mid-sized publishers covered by Open Editors).
Since OpenAlex itself might inhere omissions of an unknown
scale, one may remain on the safe side and estimate that the
editors covered by our sample may have processed approxi-
mately a fifth of the total scientific output in 2021.

Given the immense heterogeneity of the publishers’ and
journals’ publication patterns, this section will continue with
descriptive (rather than inferential) statistics.

3.2 Overall number of editors

Open Editors found 594,580 editorial membership positions
from 7,352 journals pertaining to 26 publishers, with an aver-
age of 81 editors and a median of 34 editors per journal (see
Table 2).

The standard deviation of 467 editors indicates that scien-
tific journals are highly heterogeneous in terms of their edito-
rial board sizes; Figure 2 offers a glimpse into the strongly
long-tailed distribution, and Figure 3 shows a closer look at
all journals with no more than 100 editors (i.e. 6,860 jour-
nals, or ca. 93% of the dataset). It reveals that the modal jour-
nal has 11 editorial board members, followed by journals
with 22 members, 29 members, 12 members, and 24 mem-
bers. Most journals exhibit an editorial board size ranging be-
tween 10 and 45 editorial board members.

There are extreme outliers with regard to the number of ed-
itorial board members. Most of these outliers belong to the
publisher Frontiers, where the journal with the highest num-
ber of editorial board members is Frontiers in Psychology
(13,967 individuals). Other than Frontiers outlets, megajour-
nals such as PLoS ONE (9,001 researchers on their board),

PeerJ (1,673 editorial board members), and eLife (870 per-
sons) can likewise be found within the far end of the
distribution.

3.3 Publisher-level summary statistics

Grouped by publisher, basic descriptive data are visible in
Table 3. The number of journals and editors varies quite
starkly between the publishers, though most of them have a
median count of editors per journal of around 25. There are
some conspicuous outliers (mostly unsurprising due to their
nature as megajournals), such as PeerJ (Mdn¼ 1,673), eLife
(Mdn¼ 870), Frontiers (Mdn¼ 805.5), and PLoS
(Mdn¼ 199.5). Not showing these outliers, Figure 4 visual-
izes the distribution of the numeric composition of editorial
boards by publisher.

3.4 Editorial roles and diversity

Not all editorial board members are of equal weight.
Instead, some roles typically convey greater responsibility
and a more intense workload than others. The dataset con-
tains various labels and spellings with regard to these edito-
rial positions. It found 4,024 distinct names for the
respective roles of the editors, the most common ones being
‘Review Editor’, ‘Editorial Board’, and ‘Guest Associate
Editor’. Some less frequent attributes are ‘Post-doctoral
Board’, ‘Media Review Editors’, ‘International Consultant
Editors’, and ‘Editorial Board Assistant’. With thousands
of different titles, it seems difficult to generate a manage-
able typology of the various journal positions that research-
ers occupy with their editorial tasks.

Some publishers, however, seem to have taxonomized the
labels of editorial tasks across their journal portfolio. The
publisher Frontiers offers an example, as it only uses nine dis-
tinctly labelled roles for the almost 280,000 editorial board
members across 92 journals (Table 4).

3.5 Geographical distribution

The researchers’ affiliations often disclose the countries that
harbour their respective institution. Using the ‘world cities’-
dataset from the R library maps (Becker et al. 2021), one can
count the frequency with which each country is mentioned. In
total, a superficial analysis finds 194 countries and territories
listed across ca. 94.3% of all editorial board positions, with
the remaining 5.7% not disclosing any country names.

At the continent-level, Europe occupies over a third
(35.7%) of the editorial positions; North America more than
a fourth (27.5%); and Asia more than a fifth (20.4%). Latin
America and Oceania have a share of roughly 4% each, while
African affiliations are visible in only 1.5% of the editorial
board positions in the present dataset. Juxtaposing them with
the global population as taken from the World Bank would
suggest large discrepancies between editorial representation
and global population share. Figure 5 visualizes that lack of
correlation, with the left bars showing the editorial represen-
tation, and the right ones showing the world population
share.

Unsurprisingly, therefore, even on the country-level rather
than continent-level, there is no statistically significant corre-
lation between representation in the editorial boards of scien-
tific journals and population size, according to a Kendall’s tau
test (rs ¼ 0.4, p> 0.05).

Speaking of which, treading from the continent-level to
country-level data leads to the aggregation in Figure 6. It

Table 2. Summary statistics showing number of editors per journal (n ¼
7,352).

Mean Median Mode SD Minimum Q1 Q3 Maximum

80.9 34 11 467 1 20 53.2 13,967
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offers a view of the 30 most frequently mentioned countries
(see the bars on the left-hand side). The USA leads the rank-
ing, occupying more than a fourth of all editorial board posi-
tions in the dataset. China comes second with slightly less
than 10%, followed by the UK in the third position. Italy,
Germany, Australia, Canada, Spain, France, and India round
up the top 10 of the most frequently mentioned affiliation-
countries.

To put these numbers into a perspective beyond world pop-
ulation counts, the right-hand bars in Figure 6 demonstrate
the respective countries’ total scientific outputs (according to
the numbers taken from Scimago Journal & Country Rank
2022). Not only is there a graphical symmetry visible; there is
also a strong positive correlation between a country’s total
scientific output and their numerical representation in the edi-
torial boards covered by Open Editors (rs ¼ 0.7, p < 0.01).

One could also look at the frequency of countries listed in
the affiliations of those researchers who (allegedly) serve in
the boards of predatory journals. The present article can only
offer a superficial glimpse to illustrate the dataset’s utility, but
the list of the 10 countries most present at the five predatory
publishers covered by the dataset (Allied Academies,
iMedPub, Longdom, SCIRP, and SciTechnol) indicates that
some countries such as Turkey and Egypt are overrepresented
at predatory journals when compared to their presence at all
the other publishers (see Figure 7, with the left bars indicating
the share of editorships at non-predatory, and the right bars
indicating the share of editorships at predatory outlets). But
with the USA leading that enumeration, and with countries
like Italy, Canada, UK, Japan, and Spain included in the top
10 list as well, the graph indicates that the issue of predatory
publishers is not a problem merely of the ‘Global South’, but

Figure 2. Histogram showing the distribution of the number of editors per journal, based on 99% of journals in the dataset (the top 1% of journals, 74 in

total, is not shown because their extremely large numbers would skew the graph too strongly).

Figure 3. Zoom-in into the head of the histogram in Figure 2, showing the distribution of the number of editors per journal.
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Table 3. Basic information about the number of journals and editors by publisher.

Publisher Journals Editors Meana Mediana Modea SDa Mina Q1a Q3a Maxa

Allied Academies 27 460 17.0 12.0 19 14.6 4 8.5 19.0 70
APA 53 3,412 64.4 56.0 39 31.8 19 40.0 79.0 160
ASCE 16 754 47.1 50.5 63 16.8 16 36.5 61.5 67
BioMedCentral 216 13,308 61.6 50.0 28 56.6 1 36.8 69.2 614
Brill 314 7,589 24.2 22.0 20 14.0 1 14.2 32.0 87
Cambridge UP 383 12,485 32.6 29.0 24 21.3 1 19.0 42.0 173
eLife 1 870 870.0 870.0 870 NA 870 870.0 870.0 870
Elsevier 2,347 112,947 48.1 41.0 36 39.5 1 25.0 61.0 726
Emerald 220 11,565 52.6 40.5 29 37.2 12 30.0 61.0 252
Frontiers 134 278,842 2,080.9 805.5 741 2,688.2 1 446.5 2,625.0 13,967
Hindawi 240 14,939 62.2 25.0 16 149.5 1 16.0 51.8 1,719
IGI Global 228 10,200 44.7 42.0 37 21.6 3 31.0 53.2 189
iMedPub 160 3,623 22.6 20.0 15 15.6 4 14.0 25.0 130
Inderscience 468 16,535 35.3 32.0 21 19.3 1 22.0 43.0 190
John Benjamins 90 2,549 28.3 27.0 24 10.9 5 22.0 33.8 61
Karger 99 3,502 35.4 33.0 44 23.3 1 17.5 48.0 129
Longdom 171 6,838 4.00 33.0 21 31.9 8 23.0 47.0 347
MDPI 376 8,724 23.2 14.0 11 22.6 10 12.0 24.0 215
PeerJ 1 1,673 1,673.0 1,673.0 1,673 NA 1,673 1,673.0 1,673.0 1,673
Pleiades 115 3,182 27.7 26.0 20 9.5 10 21.0 32.0 58
PLOS 12 11,059 921.6 199.5 39 2,547.6 39 101.5 244.8 9,001
RSC 42 2,932 69.8 65.0 54 32.3 12 50.2 86.2 193
SAGE 1,195 57,859 48.4 38.0 37 38.5 1 26.0 60.0 481
SCIRP 247 6,145 24.9 23.0 23 9.6 5 18.0 30.5 58
SciTechnol 81 1,280 15.8 15.0 15 7 1 12.0 20.0 39
Springer Nature 116 1,308 11.3 6.0 2 13.4 1 3.0 12.2 68

a Journals per Editor.

Figure 4. Boxplots showing the distribution of the number of editors per journal grouped by publishers (outliers are blended out; and the publishers eLife,

Frontiers, PeerJ, and PLoS are likewise missing because their inclusion would distort the visualization too strongly).
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also an acute concern for research culture in Europe and
North America as well.

Indeed, the geographical representation in the dataset’s
predatory and the non-predatory publishers correlates
strongly, with Kendall’s tau rs ¼ 0.95, p< 0.01.

Looking at the geographical diversity at the journal-level,
one can again see how heterogeneous the scholarly publica-
tion system is. Grouped by publisher, Frontiers’ median jour-
nal exhibits the largest number of distinct countries (almost
60), followed by the megajournals PeerJ (46), eLife (41), and
the median PLoS journal (24.5), cf. Figure 8. Across all jour-
nals and publishers, the median number of distinct countries
represented in an editorial board is 11.

To give a closer illustration, Table 5 enumerates the top
five countries listed in every journal grouped by publisher
(discounting missing values). The USA dominates most of the
publishers’ editorial boards, or 22 out of 26, and it is always
among the top five represented countries. China is listed in 20
of these enumerations, the UK in 18, and Italy in 14.

3.6 Share of Anglo-American affiliations

With Australia and Canada likewise present in many of these
top five-lists, one may explore the extent to which the scien-
tific publication system exhibits an Anglo-American domi-
nance (based on the sum of editorial board affiliations located
in the USA, UK, Canada, Australia, and New Zealand). In
Figure 9, one can see that there are some publishers where at
least half the editorial teams are based at Anglo-American
institutes. That list is led by the journals of the APA with a
median Anglo-American share of 90.3%, followed by
Cambridge University Press with 72.7%, SAGE with 70.7%,
eLife with 64.5%, the predatory publisher SciTechnol with
59.6%, PLoS with 58,85%, Emerald with 51.75%, and
Springer Nature with 50% (the percentages discount those
affiliations where no country name could be extracted
automatically).

All in all, the summary statistics presented in this section
point to a highly heterogeneous landscape of journals and
their editorial boards, of publishers and their regional diver-
sity, of editorial roles and labels. The descriptive data merely
offer some superficial glances, but they thereby illustrate the
analytical utility of the dataset for further research and
practice.

4. Implications on dataset usage and
measuring diversity
4.1 Four use cases to further utilize the dataset

Open Editors scraped the websites of thousands of aca-
demic journals to collect and structure data about half a
million editorial positions, making them available under a
CC0 license for anyone to use and analyse, with a pledge to
keep the data up to date by iterating the scraping on a regu-
lar basis. With this large-scale dataset, the conduct of edi-
tormetric analyses should become more efficient, more
effortless, and more reproducible. Possible investigations
that could draw from this dataset include analyses regard-
ing the gender composition of editorial boards; the regional
diversity among editors; the possibility to detect the fre-
quency to which editors publish in their own journals; the
representation of early career researchers in the landscape
of scholarly publications; the degree to which interdisci-
plinary publishing is realized; and other issues pertinent to
research evaluation and research assessment.

Four (semi-)fictitious examples may illustrate the utility of
the dataset for both researchers and for practitioners (such as
university librarians and research evaluators), examples that
are partly in line with recent calls to ‘[r]ecognize the diversity
of research activities and practices, with a diversity of outputs,
and [. . . to] valorize the diversity in research roles and careers’
(European Commission 2021: 12).

First, say that the Ministry of Science in the Czech Republic
initiates an awareness-raising campaign regarding predatory
publishers. Before doing so, however, they wish to explore the
presence of Czech-affiliated scholars across predatory jour-
nals. Using Open Editors, the Ministry could filter the dataset
for the five predatory publishers contained therein and query
it in conjunction with the country name. Using the web ver-
sion of Open Editors, a possible query could perhaps be
(‘Allied Academies’ OR iMedPub OR Longdom OR
SCIRP OR SciTechnol) AND (Czech OR Czechia OR
Brno OR Prague OR Prag OR Praha OR Ostrava OR
Olomouc), which leads to 40 supposedly Czech-affiliated
researchers. In a further step, the Ministry could verify the
identity of these 40 persons listed at the predatory journals
and warn them about the nature of the journals that boast
their names (Downes 2020).

A second fictitious use case may relate to a small university
library’s need to assess the presence of their institute’s schol-
ars across a certain publisher’s editorial boards (e.g. Karger)
because negotiations about a renewal of an institutional sub-
scription of their journals are imminent. Imagine that the uni-
versity’s scholars hardly publish in Karger journals, which
suggests that perhaps a renewal of the subscription might be
dispensable, or only expedient if the publisher’s proposed
price was lower than before. Using data from Open Editors,
the university’s research evaluators could have an additional
source at hand, either to corroborate the library’s argument
for a lower price, or to offer a counterargument if it turns out
that the institution’s scholars actually occupy active editorial
positions at Karger journals. Whatever the outcome of this
editormetric analysis, tapping the dataset will always offer a
richer view of an institute’s linkages to a given publisher, thus
providing crucial data to support negotiations between
libraries and publishers with further evidence.

Table 4. Editorial roles and their frequency at the journals of the publisher

Frontiers, offering an example of standardized editorial role labels.

Role Frequency Share (in %)

Review Editor 162,627 58.322
Guest Associate Editor 77,608 27.832
Associate Editor 36,909 13.237
Specialty Chief Editor 1,455 0.522
Field Chief Editor 125 0.045
Reviewer 73 0.026
Assistant Specialty Chief Editor 23 0.008
Editor-in-Chief 8 0.003
Chief Editor 5 0.002
Managing Editor 4 0.001
Assistant Field Chief Editor 3 0.001
Assistant Chief Editor 2 0.001
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A third example of how the dataset could be (and has al-
ready been) practically used would involve research adminis-
trators organizing a workshop on scholarly publication
ethics. Using Open Editors, they could find out which local
researchers serve in journals’ editorial boards so as to invite
them to that workshop and target them for possible discus-
sions. The participants could be further categorized into vari-
ous groups depending on whether they serve as chief editors
or section editors, as managing editors, or as editorial board
members who are merely tasked with reviewing submissions.
Other disaggregations could be based on whether the journals
they serve on are particularly innovative with regards to
Open Science practices (e.g. by publishing Registered Reports
or by supporting Open Peer Reviews). Such approaches add
greater nuances to the evaluation of academic community
services.

Fourth, scientometric research could tap data from Open
Editors for various basic scientific purposes. For instance, one
study already used this dataset to discover, inter alia, that
journal-level open access policies do not necessarily correlate
with greater diversity of editorial leadership (Altman and
Cohen 2021). Editormetric research has so far explored many
other issues, albeit with a smaller sample size than Open
Editors could deliver—such as the extent to which journals
exhibit interdisciplinary editorial boards (Wu et al. 2020;
Zhang et al. 2021a). As many emerging research fields are of
an inter- and trans-disciplinary nature, the over-
representation of a specific discipline’s researchers in an edito-
rial board may turn out to be problematic for a journal.
Research published in that respective outlet might then not
represent the discipline’s broader research achievements prop-
erly. Relatedly, the dataset could be used to detect the geo-
graphical diversity of editorial board compositions (Harzing
and Metz 2013; Mazov and Gureev 2016). There is evidence
that case studies and research with cohorts from only one (so-
called ‘non-Western’) country often have difficulties to find
acceptance from traditional journals (Wilson and Knutsen
2022), as editorial boards fear such kind of research may not
be representative for their readership. If a journal wishes to
publish research with regional diversity, then an editorial
board with members from different countries might help in
attracting submissions with a greater geographical scope.
Open Editors may aid in rendering such regional biases visi-
ble. A final example of a basic scientometric analysis drawing

from the present dataset would be to analyse a given journal’s
innovativeness in correlation with the diversity of the ‘aca-
demic age’ of the editorial board members (Nicholas et al.
2020). As innovative research or emerging topics might find
difficulty in getting published in long-standing high impact
journals in specific fields (Petersen 2017), this can affect early
career researchers with their emerging approaches more often
than senior ones. More diverse boards that include early ca-
reer researchers might smoothen the danger of a traditional
topical and methodological bias. Moreover, including more
early career researchers as editorial board members (Pagedar
et al. 2022), and thus indirectly as reviewers, might help to
manage the ever increasing amount of manuscripts submitted
to scientific journals, and to shorten the review process
(Nguyen et al. 2015). While the present dataset alone does
not allow such analyses due to the lack of metadata about the
‘academic age’ of each person in the editorial board, one
could link the dataset to ORCID (Haak et al. 2012), or the
Open Researcher and Contributor ID, in order to do conduct
such investigations, such as by fetching data about the year of
graduation as saved in ORCID’s metadata.

4.2 Dataset limitations

Speaking of which, the status quo of the dataset is certainly
not yet perfect as such. Instead, Open Editors would enable
more elaborate examinations if it was linked with other data-
sets, especially via PIDs. ORCID would allow one to disam-
biguate researchers who carry the same names at least in their
Latin transcriptions (e.g. ‘Anna Smith’, ‘Wang Li’), and it
would also open a path towards the potentially rich metadata
associated with ORCID profiles, such as on individual schol-
ars’ peer review activities. An analysis that draws from both
Open Editors and ORCID could examine the referees’ in-
creased workload that accompanies an editorial position. Or,
if ORCID profiles show former institutional affiliations of
editors, one could detect the extent to which editors allow
researchers from their former organizations to publish in their
journals. The addition of PIDs would thus greatly facilitate
the task of comprehensive searches and complex analyses
based on trustworthy data.

Another limiting issue of the dataset is the underlying data
sample. The current approach is based on a necessarily in-
complete coverage. While the total number of academic pub-
lishers and scholarly journals can only be estimated (Johnson,

Figure 5. The most frequently mentioned continents in the editors’ affiliations (left bars, black) juxtaposed with the share of world population (right bars,

grey).
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Watkinson and Mabe 2018; Nishikawa-Pacher forthcoming),
we showed that the editors covered by the dataset may be
said to have processed a fifth of the total scientific output in
2021. One should thus keep in mind that the sample remains
fragmentary because the journals’ heterogeneous way of dis-
playing data about editors inhibits a simple webscraping ap-
proach. Major examples outside of Open Editors’ sample
include Oxford University Press, Taylor & Francis, and
Wiley. Nevertheless, even though it may be impossible to get
any statistically decent sample given the unknown population,
it seems better to collect any available data rather than to dis-
courage related efforts.

The best solution against this issue of the dataset’s sample
size would be to have a centralized infrastructure that would
demand the opening up of uniformly structured editorial data
in a top-down manner across every single publisher. Barring

such an implementation, another mitigation could be to use
webscraping with a default structures of editorial data display
by accepting the risk of omitting a large number of journals
whose website structure deviate from the default’s one (as
was done by Philipp Zumstein and Jan Kamlah with regards
to Springer and Wiley; cf. Kamlah and Zumstein 2019) inte-
grate a machine learning approach that would be capable of
reading the data about editors regardless of the specific
HTML and CSS arrangements (Safder et al. 2020).

As long as this is not achieved, Open Editors provides a
sufficient solution: the data are incomplete, the sample’s un-
derlying population is unknown, and the dataset may be bi-
ased towards well-structured publishers. However, once these
limitations are accounted for, the dataset is useful in generat-
ing some insights for research assessments (e.g. on the pres-
ence of an institute’s scholars in the editorial boards of serious

Figure 6. Most frequently mentioned countries in the affiliations of the Open Editors dataset, juxtaposed with the respective country’s share of total

scientific outputs in 2021.
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and predatory journals), in coming up with hypotheses (e.g.
on the gendered patterns in chemistry journals versus sociol-
ogy journals), and in pointing to further avenues for research
and practice (e.g. for taxonomizing editorial board roles, or
for harmonizing the data display of editorial boards).

4.3 Critical thoughts on measuring diversity

A final aspect we wish to discuss pertains to the potential
investigations of social diversity issues that might or might
not be possible with the dataset thus accrued. Many editor-
metric analyses aim to detect biases and inequalities that are
sustained by editorial power within the scientific publication
system. In doing so, however, they are dependent on the avail-
able metadata which, as of now, are largely confined to the
editors’ names, affiliated institutions, and roles. Such data, es-
pecially if they find linkage to PIDs, can be harnessed to illu-
minate supposedly objective scientometric patterns such as
the ones mentioned above—regional diversity, interdisciplin-
arity, or the presence of early career researchers based on a

given person’s ‘academic age’. But to obtain an even broader,
overall picture on the state of a less ‘objective’ and more social
constructivist conceptualization of diversity among editorial
boards, more information would be needed—but what
information?

Some readers might ask why diversity and not merit is the
crucial construct in this work. The answer is simple: In an
ideal world, the two should be equivalent, but in fact they are
not. If we have a look at today’s academia, it is still domi-
nated by a white, cis-male gaze. Many senior researchers and
editors owe their positions not only to their hard work, but
also to their privileges, while people from (multi-)marginal-
ized groups have a harder time getting there. People affected
by classism, racism, ableism, and other forms of discrimina-
tion are less likely to gain access to higher education, become
a researcher, and reach tenure or editor positions—regardless
of their competence. This is not because they are less skilled,
but because on top of their work, they have to tackle individ-
ual, institutional, and structural discrimination. Due to

Figure 7. Most frequently mentioned countries in the affiliations of the editors at the five predatory publishers Allied Academies, iMedPub, Longdom,

SCIRP, and SciTechnol, compared with their representation in non-predatory outlets.
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homophily and other effects, this bias continues, e.g. editors
are more likely to choose research to be published which fits
their perspectives and to invite co-editors that think alike.
Open Editors as a measurement for diversity might become a
useful indicator for (lacking) diversity of editorial boards and
a reminder for change, for example if combined with quotas.

However, diversity refers to a multitude of variables that in-
tersect and go beyond region of origin. This is where dilem-
mas arise, as this category of diversity goes hand in hand with
privileges of those who are considered to belong to a societal
‘default’, which currently means a systemic bias in favour of
being cis, male, heterosexual, white, middle or upper class,
able-bodied, socialized as Christian, and Euroamerican. The
deviation from these norms correlates with exclusion mecha-
nisms, and it is here where editormetric analyses could find a
fundamentally important societal use. One might believe that
these aspects may be easily analysable once we collect suffi-
cient data, but a datafication of diversity may find its limita-
tion when encountering issues of intersectionality (Cho,
Crenshaw and McCall 2013; Crenshaw 2015). The frame-
work of intersectionality states that a person’s social and
political identities create different modes of discrimination
and privileges. Individuals or groups are marked as ‘others’

and thus experience discrimination based on actual or per-
ceived characteristics. Those identities might refer to aspects
of gender, racialization, class, sexual orientation and identifi-
cation, religion, ability, and other assigned characteristics.
The framework describes the overlap and concurrency of
more than one of these categories of discrimination, which
results in more than one axis and thus lead to multiple dis-
criminations. If several of these attributes apply to a person,
they can be multiply burdened. For example, a white woman
is a target of sexism, but will never experience racism, in con-
trast to a disabled woman of colour who experiences sexism,
racism, and ableism simultaneously. In addition, any mea-
surement of this category of diversity is hampered by the fact
that many of the categories involved are in large parts based
on subjective, historical, and socially constructed characteris-
tics linked to individual, institutional, and structural discrimi-
nation. All these issues and their intersections render it
difficult to measure them objectively, including in meta-
scientific and editormetric investigations, without oneself pro-
moting ‘forced outings’ (Skinner-Thompson 2015), further
otherings, or similar discrimination processes.

To address this issue, one could use tools designed to auto-
matically assign specific aspects related to diversity given a

Figure 8. Boxplot showing the distribution of the number of affiliation-countries represented in the editorial boards of journals, grouped by publisher.
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Table 5. The five most-frequently mentioned countries in the affiliations of the journals’ editorial boards, grouped by publisher.

Publisher #1 #2 #3 #4 #5

Allied Academies India USA Italy China Egypt
71 (15.9%) 69 (15.5%) 44 (9.9%) 21 (4.7%) 20 (4.5%)

APA USA Canada UK Australia Germany
2,450 (73.3%) 228 (6.8%) 121 (3.6%) 84 (2.5%) 78 (2.3%)

ASCE Australia China Hong Kong Taiwan USA
11 (11.7%) 11 (11.7%) 10 (10.6%) 6 (6.4%) 6 (6.4%)

BioMedCentral USA UK China Australia Italy
3,530 (25.4%) 1,135 (8.2%) 1,029 (7.4%) 743 (5.4%) 727 (5.2%)

Brill USA UK China Germany Hong Kong
572 (22.3%) 206 (8%) 168 (6.5%) 150 (5.8%) 126 (4.9%)

Cambridge UP USA UK Canada Australia Germany
4,536 (37.5%) 2,182 (18%) 678 (5.6%) 677 (5.6%) 375 (3.1%)

eLife USA UK Germany China Canada
434 (51.2%) 61 (7.2%) 41 (4.8%) 33 (3.9%) 29 (3.4%)

Elsevier USA China UK France Australia
35,191 (30.2%) 9,658 (8.3%) 8,676 (7.4%) 4,770 (4.1%) 4,652 (4%)

Emerald USA UK Australia China Canada
2,367 (19.8%) 2,236 (18.7%) 901 (7.5%) 714 (6%) 344 (2.9%)

Frontiers USA China Italy UK Germany
66,554 (21.9%) 34,276 (11.3%) 24,390 (8%) 17,424 (5.7%) 13,223 (4.4%)

Hindawi Italy USA China Spain Japan
2,775 (17.2%) 2,415 (15%) 1,652 (10.2%) 803 (5%) 689 (4.3%)

IGI Global USA India UK China Italy
2,364 (21.4%) 1,179 (10.7%) 658 (6%) 527 (4.8%) 385 (3.5%)

iMedPub USA India China Italy Turkey
725 (21.1%) 453 (13.2%) 211 (6.2%) 186 (5.4%) 168 (4.9%)

Inderscience USA UK China India Italy
4,029 (22.3%) 1,514 (8.4%) 1,295 (7.2%) 832 (4.6%) 782 (4.3%)

John Benjamins USA UK Hong Kong China France
140 (17.2%) 92 (11.3%) 56 (6.9%) 38 (4.7%) 36 (4.4%)

Karger USA Germany Japan Italy UK
775 (22.2%) 479 (13.7%) 234 (6.7%) 230 (6.6%) 175 (5%)

Longdom USA India China Italy Japan
2,864 (42%) 391 (5.7%) 357 (5.2%) 314 (4.6%) 216 (3.2%)

MDPI USA Italy Spain UK France
1,844 (20.1%) 1,641 (17.9%) 731 (8%) 616 (6.7%) 444 (4.8%)

PeerJ USA Australia Hong Kong China Italy
25 (15.8%) 12 (7.6%) 10 (6.3%) 9 (5.7%) 9 (5.7%)

Pleiades Russia USA Germany Belarus France
2,310 (79.1%) 130 (4.5%) 60 (2.1%) 45 (1.5%) 44 (1.5%)

PLOS USA UK Australia India China
950 (33.1%) 228 (7.9%) 132 (4.6%) 112 (3.9%) 110 (3.8%)

RSC USA China UK Germany Japan
634 (24.2%) 408 (15.6%) 292 (11.1%) 150 (5.7%) 113 (4.3%)

SAGE USA UK Australia Canada India
25,590 (44.8%) 6,972 (12.2%) 2,746 (4.8%) 2,481 (4.3%) 1,615 (2.8%)

SCIRP USA China India Italy Canada
1,908 (29%) 768 (11.7%) 331 (5%) 314 (4.8%) 227 (3.5%)

SciTechnol USA UK Canada Italy China
532 (47.1%) 64 (5.7%) 50 (4.4%) 46 (4.1%) 40 (3.5%)

Springer Nature USA UK Germany Italy China
90 (17.3%) 88 (17%) 39 (7.5%) 34 (6.6%) 30 (5.8%)
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certain input. Gender guesser tools may serve as prime exam-
ples (Sarawgi, Gajulapalli and Choi 2011; Lin and Serebrenik
2016). While their practicability cannot be denied, they also
carry fundamental deficiencies. The guesser tool, for instance,
usually parses the persons’ gender in terms of a binary system,
and studies report on inequalities between female and male
researchers within the scholarly publication process
(Squazzoni et al. 2021). But this approach excludes a whole
range of non-binary and trans identities; also a person whose
name is coded as male might not be cis, but trans. In other
words, the coded and the actual self-identified gender can dif-
fer widely. The same applies for aspects of so-called race,
which is not a biological but a historical and racist social con-
struct. This becomes clear when one and the same person can
be coded as white, Person of Colour, or Black depending on
the region’s population they are referred to. To go even fur-
ther, guessing a person’s physical ability or their BIPoC
(Black/Indigenous/People of Colour) identity merely based on
their names in the editorial board information is not possible
at all.

All in all, automated and accurate estimations of diversity
are not only technically difficult, but also ethically question-
able. While a more promising venue might be to resort to

self-reported criteria, there are ethical concerns here as well. A
demand for detailed information on diversity is a double-
edged sword: On the one hand, particularized metadata can
provide an actual state of equality, detect biases, and thus
serve as an inducement to make sustainable changes towards
it. On the other hand, stipulating information on sensitive,
private criteria such as gender, sexual preference and identifi-
cation, racialization, ethnicity, or physical abilities can result
in a forced outing, such as when that outing is required before
one occupies an editorial position at a scholarly journal.
Contrary to the original goal, this would lead to even more
discrimination. The value of an ‘outing privacy’ (Skinner-
Thompson 2015) necessitates one to find other ways to mea-
sure diversity.

In summary, there is no easy solution of measuring this
social-constructivist category of diversity based on metadata.
It is even paradoxical that in a world in which discrimination
persists, it can be even more stigmatizing to ask people to re-
port actual or perceived characteristics on the basis of which
they are marginalized. In addition, while diversity is an impor-
tant issue, achieving it does not necessarily equal inclusivity;
representation does not automatically lead to structural
equality (Rose 1988). The mere addition of diverse

Figure 9. The distribution of the Anglo-American shares in the affiliation-countries represented in the editorial boards of journals, grouped by publisher.
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researchers to editorial boards does not mean that scholarly
publishing has become more equal. To achieve actual equal-
ity, the whole system needs a sustainable change in its
structures.

This is certainly a key limitation inherent to Open Editors,
or to any scientometric endeavour. This kind of societal diver-
sity, while fundamental, persists, regardless of the scientific
system’s growing richness in metadata. This is where future
reflections on meta-scientific datafication can further tread on
in order to find an equitable, long-term solution.

5. Conclusion

There are multiple possibilities with which to proceed on the
basis of the dataset thus collected, especially if it becomes
linked with PIDs and other open datasets. To attain even
more powerful studies and greater utility for research evalua-
tion, it would be necessary to go beyond the bottom-up data
collection approach used here and in related grassroots and
crowdsourcing initiatives. Instead, publishers themselves
should become conscious of the way they display their jour-
nals’ editors and editorial boards. A uniform structure would
enable scientometric investigations to an even more effective
scale, enabling one to illuminate how knowledge (in-)equity
fares in the landscape of scholarly publications with novel
data. Many publishers have recently made their metadata on
references available (thanks to the Initiative for Open
Citations, or I4OC; Heibi, Peroni and Shotton 2019), and
have even opened up metadata on full abstract texts (thanks
to the Initiative for Open Abstracts, or I4OA; Tay, Kramer
and Waltman 2020). Perhaps an Initiative for Open Editors,
or I4OE, might also be called for. While only providing a
small step, it may be an indispensable one towards the greater
goal of achieving full and inclusive knowledge equity within
the broader agenda of Open Science.

Author’s contribution

A. N.-P.: Conceptualization, data curation, methodology,
software, writing—original draft; T. H.: conceptualization,
writing—review and editing; and K. S.: conceptualization, su-
pervision, writing—review and editing.

Funding

This work was supported by Wikimedia Deutschland e. V.
within the Open Science Fellows Programme. Open Access
funding provided by University of Vienna. In addtion, A. N.-
P. is a recipient of a DOC Fellowship of the Austrian
Academy of Sciences.

Acknowledgements

The authors thank Philipp Zumstein and Parthasarathi
Mukhopadhyay for helpful comments, and Bianca Kramer
for linking the dataset with ROR.

Conflict of interest statement. None declared.

Data availability statement

The data and the underlying codes are available at GitHub
and at Zenodo via https://doi.org/10.5281/zenodo.4619374.

References

Altman, M. and Cohen, P. N. (2021) ‘Openness and Diversity in Journal
Editorial Boards’, SocArXiv, DOI: 10.31235/osf.io/4nq97.

Aryani, A., Fenner, M., Manghi, P., Mannocci, A., and Stocker, M.
(2020) ‘Open Science Graphs Must Interoperate!’, in L. Bellatreche,
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